ADMM from Operator Splitting
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maximal. So, F is maximal monotone.
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Proof that F; and F, are maximal monotone. First note that F, is the multiplier to
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subject to Ax=c

So F, is monotone (as MRM operator is monotone).
Now note that F; is also continuous in y with domain F;=R*®. So F, is maximal.
So F, is maximal monotone.

Similarly F, is maximal monotone.
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